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ID Dominance Influence Steadiness Compliance

A4 0.27 0.25 0.26 0.23

B2 0.24 0.25 0.26 0.25

B4 0.24 0.24 0.26 0.25

C5 0.20 0.29 0.26 0.25

Dl 0.28 0.23 0.23 0.27
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BT oo M d R PRSI 0 TS AT ERAFRE o
Lo ARPF IS & DC A% S(T )R (%) fuk
Attention | Meditation Delta Theta /il(;)‘l?]a flil;g}?a Ié(é:; gle‘%: GE;‘;VM G?fr};a
I3 S 52.9 23.5 529 | 47.1 | 47.1 | 52.9 | 529 | 23.5 | 23.5 | 52.9
DC 4 S 25.0 37.5 250 | 250 | 125 | 12,5 | 125 | 50.0 | 50.0 | 0.00
2z ARFFIAKSE DC A H SHE# 2 ) F (%) 1 #
. o Low High Low High Low High
Attention | Meditation Delta Theta Alpha Al I;gha Beta Be%a Gamma | Ga mgma
I3 S 353 70.6 647 | 529 | 412 | 47.1 | 41.2 | 58.8 | 41.2 | 41.2
DC 4] # S 25.0 37.5 375 | 37.5 | 625 | 37.5 | 250 | 25.0 | 12.5 | 62.5
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Fow Pt FHCTR(ALL)E Pl # R (ADTHL) & e 5 v i

ALL ALL ADTHL ADTHL
(F3=5i) (L) (T2 (¥ 4)

Ak S 37.5% 25.0% 50.0% 25.0%

131 S 29.4% 41.2% 35.3% 23.5%
D3 100.0% 100.0% 100.0% 100.0%
H 17 100.0% 100.0% 100.0% 100.0%

Fapp e 66.2% 66.2% 70.8% 61.5%
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Delta < 0.362
0412 < Delta < | LoWAlpha < 0.029 | 14w Beta < 0.004
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